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ABSTRACT

Fast and accurate variance/covariance predictions are useful for analyzing the statistical characteristics of the reconstructed
images and may aid regularization parameters selection. The existing methods, the matrix-based method and its DFT ap-
proximations, are impractical for realistic data size in X-ray CT. We have previously addressed this problem in 2D fan-beam
CT by proposing “analytical” approaches, the simplest of which requires computation equivalent to one backprojection and
some summations. This paper extends these approaches to 3D step-and-shoot “cylindrical” cone-beam CT.

Keywords: variance approximation, local discrete Fourier analysis, cone-beam tomography, penalized-likelihood image
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1. INTRODUCTION

Statistical reconstruction methods are usually nonlinear and shift-variant. To analyze the statistical characteristics of the
reconstructed images from these methods, one would often like to predict the variance of pixel/voxel values. The variance
information provides an uncertainty measure of the reconstructed image and can also be very useful for regularization
parameter selection.

The existing prediction methods derived in' for penalized likelihood estimators are computationally expensive and only
practical when the variances prediction are needed at a few image locations.

As shown in,! the p x p covariance matrix for quadratically penalized likelihood estimators is approximately
K 2 Cov{i} ~ (AWA +aR)TAWAAWA+aR)™, (1)

where g = [p1,...,up)', A is the system matrix, Y = [y1,. .., y,] denotes the noisy measurements, R is the Hessian
matrix of the roughness penalty and « is the regularization parameter controlling the noise and resolution tradeoff.

In the spirit of the local shift-invariance approximations,’

location i by

we approximate the covariance matrix in (1) near a given

Ky % (Fo + aRy) 'Fo(Fo +aRo) ™,

where Fy and Ry are the (N1 NaN3) x (N1 N2 N3) block Toeplitz with Toeplitz blocks (BTTB) approximations correspond-
ing to AW A and R, respectively. In practical computation of predicted variances at a few image locations, circulant

approximations and DFTs are usually used as follows:*>
1 N-1
Var{a[7]} = ———— Pyolk 2
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where N = (Ny, N3, N3),
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with Fp = QTvQ’, Ry~ QNxQ’ where Q is the 3D (N7, Ny, N3)-point orthonormal DFT matrix, and I'y and Q are
diagonal matrices with diagonal elements I'g[k] and 2 [k] that are the 3D DFT coefficients of the local impulse response of
A'W A and R near 7ig, respectively. Computing this DFT approximation is still expensive for realistic image sizes when

the variance is computed for all or many pixels, particularly for shift-variant systems like fan-beam CT and cone-beam CT.

To aid regularization parameters’ selection, we would like to obtain the variance information for all or many image
locations. Therefore, a new fast and accurate prediction method is needed.

2. GENERAL VARIANCE PREDICTION FOR 3D TOMOGRAPHY

We have proposed new “analytical” approaches to predict the approximate variance maps of 2D images that are recon-
structed by penalized-likelihood estimation with quadratic regularization in fan-beam geometries.*> In this paper, we
expand these approaches to 3D step-and-shoot cone-beam CT by applying the same principles: “local shift invariance”
approximation and “local Fourier analysis”.

We approximate (2) by the 3D discrete-space Fourier transform (DSFT) as follows:

L ™ ™ ™ . da
Varlitily~ [ [ ] Pu@ g @
where P (&) is the local spectrum of the covariance matrix, given as follows:
Hold
Puo(@) £ o) @

[Hao(&) + aRao(&)]?
where Hyy(&) is the local frequency response of the Gram matrix A’W A and Ryo(&) is the local frequency response of
R near 7ig.

Let A = (Ax, Ay, A,) denote the sample spacings in the reconstructed image. Make the change of variable, & =
(2m0)A © €p.0 where €p 0 = (cos P cos O, sin @ cos ©,sin ©), and @ denotes element-by-element multiplication. We
rewrite (3) in terms of spherical frequency coordinates (g, ®, ©) as follows:

s 27 Omax (P,0)
Var{j[i]} ~ AXAYAZ/ / / Po(0,®,0)0% [cos ©| dpd® dO, &)
—7mJ0 0

where gmax (®,0) =1/ {2 min ( )}, and we define

Ax Ay Ay
|[cos @ cos O’ [sin ® cos O] [sin O]
HO(Q; (I)7 6)

Py(0,®,0) £ Pu(2m0A © Ep0) = [Ho(o, ®,©) + aRo (0, ®,0)]2"

(6)

We define Hy and R, similarly in terms of Hyp and Rqp. If we find analytical expressions for Hy and Ry, then the
approximation (5) can lead to faster alternatives to the DFT approach (2). The analytical variance prediction in (5) is
applicable to any 3D CT geometry. We focus on step-and-shoot 3D cone-beam CT here. To use (5), we need to find
Hy(p,®,0) and Ro(0, ®, O) first.

3. STEP-AND-SHOOT CONE-BEAM GEOMETRY

Consider an ideal “cylindrical” step-and-shoot cone-beam tomography: the source can be at any point on a cylinder of
radius Dy centered along the z-axis. The source position j, can be parameterized by two variables (3, ¢) as follows:

—Dgypsin 3
po= | DsocosfB |, @)
¢

where Dy is the source to rotation center distance, [ is the angle of the source relative to the y axis, and ( is the z-axis
position of source.



We focus on the 2D cylindrical detector that moves with the cone vertex here. We introduce local/relative coordinates
(s,t) on the detector plane, where s is the arc length along each row, and the t-axis is parallel to the z-axis. A point on the
2D detector can be expressed as

Dygsinycos 8+ (Dgg cosy — Dy) sin g3 Dgq sin
p1 = | Dsasinysin 8 — (Dgqacosy — Dgy)cos 3| = | —Dsacosy | + po, )
t+ ¢ t

where Doq = Dgq — Dy is the isocenter to detector distance and

1= & 5 e =ls0) 2a(s) + 5 ©)

The direction vector of a ray from pj to p; can then be expressed as

Dggsing cos fsin p
—Dgqcosp | = | —cosfcosy |, (10)

ST o = D]
P —poll /22 + D3y t sin
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where ¥ = (¢, 6) and

t
0 = 0(t) £ arct : 11
(t) £ arc an(DSd> an
The projection plane is perpendicular to €3(¥), specified by
€1(7) = (cosp, sing,0), €>(¥) = (— sing sinb, cosy sinb, cosh).

The corresponding Cartesian coordinates (u,v) can be found by

u(s) = pi - €1(F) = Dgsg siny cosy — (Dgq cosy — Dgg) siny = Dgosiny(s) (12)
v(s,t,¢) = p1 - €2(F) = Dso cosy(s) sinO(t) + ¢ cos 0(t), (13)

since —Dyq sin §(t) 4 ¢ cos 6(¢) = 0. Combining (9), (11), (12) and (13), we have the cone-to-parallel rebinning relations.

3.1. Local Impulse Response of Gram Matrix

To predict variance images in fan-beam transmission tomography we need to determine the local frequency response
Hy(p, ®,0), or equivalently Hyo(<5). We first find the local impulse response.

Consider the 3D object model based on a common basis function x (Z) superimposed on a N x M x L Cartesian grid
as follows:

- - 1 S o
@) = (5 © @~ 20 ). (14)
neS A
where S £ {fi; : j = 1,...,p} denotes the subset of the N x M x L lattice that is estimated and Z.[7i] denotes the center

of the 7ith basis function. The grid spacing is A= (Ax, Ay, A,). We consider the case Ax = Ay hereafter, but we allow
Ax # A, Typically Wz = (N —1)/2 4 &, ZJil] = (i —@z) © A, 7t € S, where the user-selectable parameter &
denotes an optional spatial offset for the object center.

Assume that the detector blur b(s, t) is shift invariant, independent of source position (3, ¢) and acts only along the
s and t coordinates. (This could be generalized to the case of locally shift-invariant blur.) Then we model the mean
projections as follows:

Yolsk, te; 8,¢] = //b(s;€ — sty — t')p(ﬂ(s’),ﬁ(s’,t’, Q);0(s,B), é(t’)) ds’ dt’ (15)

for sy = (k —ws)As, to={—wy)Arandk=0,...,n, —1;£=0,...,ns — 1, where Ag is the sample spacing in s,
A, is the sample spacing in ¢, ws and w, are defined akin to Wz, and p(u, v; @, 0) is the line integral of wu(Z).



Let g(u,v; ¢, 0) denote the Radon transform of x(Z) at angle (¢, 6). By shifting and scaling properties of Radon
transform, we have

1 o s 3DXray AxAy  (u—u,[fl] v— vy, gli] Ay
= — e ) S 5P, AN 0 ’
X(A o@-z [n])> ) g( Ax ooy 7 arctan| 7y, tan

where c(f \/A2 sin® 0 + A2 cos? 0, and u, (1] £ F.[71] - €1(p), v, e[ii] = L[] - Ex(p, 0).

Substltutlng the basis expansion model in (14) for the object into the measurement model (15) and simplfying leads to
the linear model g, sk, te; 5, (] = D ;s a(sk, te; B, C; 1) p[fi], where the cone-beam system matrix elements are samples
of the following cone-beam projection of a single basis function centered at Z,[7i):

AxA,
a’(57t7ﬂa<7 // S_S t_t)
c(0(t'))
fals") = ug ] 90 — Ve pyaen [ ALY
9( A, ) (1) ;p(s ﬁ)ﬂ(AZt) dsdt’, (16)
where ,
arctan(i—z tané(t')) = arctan(ix lid) = H(i—zt) (17)

To proceed, we rebin (16) into parallel coordinates. Reparameterizing variables s" and t’ according to the inversion of
cone-to-parallel rebinning as follows: s’ — §(u'),t’ — t(0’), and use first-order Taylor expansion to expand s(u) around
s'(u’) as follows:

s(u) — s(u') = mg(u')(u —u'), (18)
where o3 D
n A S sd
£ = =" 1
ms () ou (u) wew  Dsocosy(5(u')) (19)
Similarily, } .
t(0) —£(0") = my(0")(0 — 6"), (20)
where ~
ot Dgyq
I S ] = -5 21
mi(¥") 89( ) g—g  COS20 @h
Reparameterize variables s and ¢ according to the inversion of cone-to-parallel rebinning as
s—3(u), t—10), B—Beu), ¢—Cuv,b),
we have the following:
o) = 6(i(6") =¢
a(s") a(3(u)) =o'
!
o(s',8) = ¢+ arcsin Do arcsin Dusd ~ @
= Ax ’ 5 Ax - / _ Ax 1\ A /
0 (Azt = 0 (Azt(e )) = arctan(AZ tand’ | = 9(6")
5(5,1,¢) = 0(8(W),1(0),(u,v,0) v — fu',0)(0 0, (22)
by exploiting locality approximations u’ ~ u, 6’ =~ 6, where
N1
f(u/, 0/) é DSO COS,Y(S(U‘ )) . (23)

cos 0’



Plugging (18) and (20) into (16) and changing variables v’ = v’,v" = v — f(u,0)(0 — ¢’), the cone-beam system
matrix elements can be rebinned and approximated as:

.g<u —Azj:a ]’v Cf;ff[ ]7 (p719(9)>|m8(u)ms7t(u,9)|du’dy” (24)
where
msyt(u’e)é mt(6‘) o Dsd (25)

f(u,0)  Dyycost cos7(5(u'))’

(1>

Consider 77 and 77’ values that are sufficiently close to 7o, the location of interest. Let ug(¢) £ g |iio], vo(ip, 0)
vy 0[70]. and vo (¢, 0) £ vy, g[ii0]. Assume ms(u) and my . (u, 0) are fairly smooth over (u, v):

ms(u) ~ my(uo(p)) = mso(y) (26)
mer(u,0) ~ my(uo(p),0) = my0(p,0). 27

Therefore, we make further approximations using (26) and (27) to (24) as follows:

ap(u,v;9,0;1) = ag(u — uy[f], v — vwg[ ii); ©,0)

/ bo( u—ug, ,U —v%@[ﬁ} —v"59,0)
A A ul/ ,U/I
. X VA B 19 0 d /Id 12 28
0 g(AX,C(e),cp, ()) u dv"”, (28)
where
bo (1, 050, 0) 2 1m0 (9)15,1.0(9, 0)| b 0(0) 1w, s 1 0(0, 0)0) 29
. AN, u v /s
aO(“JM% /bO ) 69) g(rxvmﬂpaﬁ(e)) du dU (30)

The second line of (28) makes change of variables u” = u' — u,[7], v"" = v' — vy, ¢[f1].
Then the elements of the Gram matrix are given exactly by

h [ﬁﬁ/] . [AWA]jj/, ’ﬁ::’f_i] ES,ﬁ’zﬁj/ )
d o 0, otherwise

= ha[it; i (&[] (. [7]) 31)

where
ns mng Ng N¢

halit; il'] = Z w(sk, te; Bir ¢G) alsk, te; Bis Gs M) alsk, te; Bi, Gs i) (32)
k

=11=1 i=1 j=1

and n(.[71]) £ 1{ﬁ€5}, w(s, t; B, ¢) denotes the weighting associated with W. We first use integrals to approximate the
summations in (32) as follows:

] / / /%/OC stﬁC)rect<25max)re“(zt;)rect(Qwa)

a(s, t; 8, G it)a(s, t; B, ¢;i1') ds dt dB dg, (33)




where IT = 1/(AsAtApA¢), As, Ay, Ag and A¢ are the sampling intervals in s, £, 3 and ¢. Notice that hq[; 7] in (33)
is not shift invariant. Make a change of variables from cone-beam coordinates to parallel-beam coordinates, (33) can be
rewritten as

2m
ha|it; 7 THES w(u, v; @, 0)ay,(u,v; ¢, 0; ) a,(u,v; p, 0;7)J (u, 0) dudv dp do
P P

jus

2
us
2

27r
NH/ / (¢, 0;70; 1) hp g [71; 11 dp A, (34)
where @ (u, v; ¢, ) is the rebinning weighting as follows:

@(u,v;0,0) 2 w(s(u),t(@);ﬁ(go,u),((u,v,@))rect<2S<—u)> rectG(—e)) rect(M), (35)

S max max 2 Cmax

and for small 0, J(u, 0) is the absolute value of the determinant of the Jacobian matrix, given by

95 01 0B OC D2,
i ) s 36
T-0) =\ 5u 56 90 0w D2 0
and

D, 0ci7: ) 2 f f w(u, v; @, 0)ay(u, v; @, 0;7)ay(u, v; p, 0; 7" )J (u, §) du dv a7

i N fioofoo ap(u, v; @, 0;)ay(u, v; @, 0;7') dudv
he oty 7] 2 a,(u, v; @, 0;)a,(u,v; 0, 0;7) dudv . (38)

@, p P

To further simply the expression (34), we make further approximations to (37) and (38) based on the fact that 77 and 71’ are
sufficiently close to 7ij:

I2 [ w(u,v;0,0)J (u, 0)ao(u — u[ii], v — veplii])ao(u — ug[i], v — vy 0[i']) dudv
S ) ao(u — ug[i], v — vy plii])ao (u — up [], v — vy p[']) du dv
TS Jole, O)w(u, vy, 0)ad(u — uo(p), v — vo(p, 0)) dudv
= aB(u — ()0 — wolp,0)) dud

W(p,0;7; 1) ~

~ J(uo(p), 0)w(uo(p), volp,0); ¢, 0) = Jo(p, 0)w(uo(p), vol(p,0); @, 0) = wo(ep, 0) (39)
ivz%g[ﬁ; '] ~ / ao(u — w7, v — vy g[it])ao (v — uy[it], v — vy p[A']) dudv

= / ao(u, v, 0)ag(u + U@[m — Uy [ﬁ/]v v+ Us@ﬂ[ﬁ/] - Us@ﬁ[ﬁ/]; ©,0)dudv

=ho(A® (@ —7)-&(7), A0 (@ —') &F);¢,0), (40)

where
Jo(,0) = J(uo(e),0) (41)
;L()(’U,,U;QO,G) é ao(u,v;<p,0) *x ao(u,v;<p,9). (42)

Thus, we now have a form that is nearly shift-invariant (except for edge effects).

Combining all the approximations above, we have the expression for the local impulse response:

/ / Wo 807 ga 0 [ﬁ) ﬁl] ng dev (43)



where o =
heolit; '] 2 ho(A © (7T —7') - €1, A O (7T — ') - €; 0, O)n(Ze]ii])n(Le[7]). (44)

As shown in 2D fan-beam case,’ the edge effects in (31) are a main concern in accurate variance prediction. Here we
use a similar approach to take the edge effects into account to find the local frequency response. As in 2D fan-beam case,
we refer all displacements relative to the point 77y as follows:

he o[ ') & Ty g[flo + T 7o) = ho(A O - €1, A O - €30, 0)a(Te[fl]) £ he i o), (45)

L

1(Zo + Z)n(Zp), and then approximate 72 (Z) as following:

n2(Z) = no(Z) = n(Z)n(Zo)- (46)

This choice also yields a local impulse response that is symmetric in 7 provided n(Z) is symmetric itself. We focus on a
symmetric 7)(Z), such as elliptical cylinder or sphere hereafter. The final form of local impulse response follows from (43),
(45) and (46):

where 7)2(Z)

/ / wo(p, 0)hy, e[n fig] dp df . 47

3.2. Local Frequency Response of Gram Matrix

To find the DSFT Hgo(&) of ha[f; 7'], we need H, 6(J) first, the spectrum of h, ¢[i; 7o), because by linearity of DSFT,
taking the DSFT of (47) yields the following result:

Hol@ / / wo(, 0) Hopp () dip 6. (48)

Define a “tube like” function s, ¢(%) 2 ho(Z- &1, Z-2; ¢, )10 (), then we have h,, 4[; ig] = s, 9(A®1). The spectrum
of hy, ¢[7i; 7io] can be found as follows:

H‘Pxe(u_j) = Z iLtp,G[ﬁ; 7_7:0] G_Z(D'ﬁ) = Z 89079(5 ® ﬁ) e_z("j'ﬁ)

1 /// ¢ _ILG(Qf) ¢ 1 ( 1 “>
_— Sup()e "X dz = Se.0 ~ Ow |, 49)
a4, /) se) 828, \ 9K
To preserve the non-negative definiteness of the Gram Matrix, we choose

where do(p,¥(0)) is the intersecting length of the profile passing though 7iy and the finite support at direction (¢ +
7/2,9(0)). Therefore the local frequency response Hy(o, P, ©) of the step-and-shoot cone-beam Gram matrix around i
is

Q

where s, ¢(Z) 2DFT Se.0(V).

H Q,(I) @ / / Wo ()07 Lp@(g7q)7@)d(pd9a (51)
where the constant T = ﬁ. The 3D FT of s, ¢(Z) has the following form according to the rotation property:
Se0(F) = [Ao(7 - &1(),7 - &:(7); ¢, 0)[ do(ip,9(6)) sinc® (do (0, (0))7 - €(7)), (52)

where Ag(vy, vy; @, 0) is the 2D FT of ag(u, v; ¢, ) with respect to (u,v), including the effects of basis function and
detector blur:
AO(Vw Vys @, 0) = BO(Vua Vys ¥, Q)G(Vm Vys @, a)a (53)



where Bo(vy, Vy; ©,8) G(vy, vy, 0) are the 2D FT of bg(u, v; ¢, ) and AC’EQA)Z p(A'—“X, EOE @,19(0)) with respect to
(u,v), respectively.

As @ — 0 and do(p,9(#)) — oo, one can show that for large g, the sinc® term is sharply peaked at near ¢ = ® =+ 7:
do(p. 0(8)) sinc?(do (. 0(0))7 - €(7)) — 8(7 - &(7)) = 6(esin(p — @) cos O). (54)

Therefore we consider the following approximations to (51):

Omax 2T
Holo,®,0) ~ T / wo(®,0) [ S,.0(0,®,0)dpdo, (55)
0, 0

where S, (0, ®,0) £ S, (0¢s,0). If we consider “ideal” cubic basis function x(Z) = rect3(Z), then

Ao (Vs vo; 0,0) = AZA, sinc(Axvy, cos ¢ — ¢(8)v, sin @ sin9(0))
-sinc(Axvy sin ¢ + ¢(0)v, cos g sind(6))

-sinc(c(8)v, cos¥(0)) sinc (mfi:;::)) sinc (ﬁ(ﬁﬁ)) . (56)

4. 3D QUADRATIC REGULARIZATION

For a discrete-space 3D object p[7i], a typical quadratic roughness penalty is given as

L
R =33 rog (tersemfil)
n =1

n

where 7 ¢ values are design parameters that affect the directionality of the regularization and hence the shape of the
PSF. Each ¢i] is a (typically) high-pass filter. For a first-order difference: ¢;[7i] = & (3[7i] — 03[ — ny]), where
& = ||| ~/?, my; denotes the spatial offsets to the neighboring voxels, and v is the power of weights for diagonal
neighbors that can be chosen by the user. For example, common practice chooses v = 1.78

Applying Parseval’s theorem, the local frequency response of R for a A-order (where A € N) difference can be found
in a similar form of 2D fan-beam case as follows:

L
Ro(0.®,0) = Ym0 4sin (ro(R 0 o) - i) (57)
=1

In 3D geometry, L = 13 for the second order neighborhood.

5. SIMULATION RESULTS

We first used a smaller image and sinogram to validate the local frequency responses Hy (o, ®,©) and Ry(o, ®,O) for a
given location. We simulated a step-and shoot cone-beam CT system with an cylindrical 2D dectector with quarter detector
offset. The corresponding sinogram size was 111 samples in s, spaced by Ag ~ 8 mm, 32 samples in ¢, spaced by A; ~ 8.8
mm, 20 samples in ¢, spaced by A ~ 5 mm, and 123 source angular positions over 360" for each ¢. The image is of size
64 x 62 x 20 and the object is an ellipsoid. The voxel size is of 7.8 mm, 7.8 mm and 5mm. An cylindrical support is used
with radius r5 = 164.1 mm and height 80 mm. In this case, do (@, V(0)) = rs/ cos¥(8).

In our simulation, we used the distance-driven (DD) projectors developed by Deman et al. The 3D forward pro-
jector works by mapping voxel boundaries and detector boundaries onto a common plane specifying by (7, z), where
r, £ max(|cos p|, [sin¢|). This method approximates the total contribution of voxel j to detector k by the following
expression:

A 01 02

Ppmn— o 0102
Ik cos Bcos O Ag At'uk’
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Figure 1. Profiles of local frequency responses of Gram matrix at image center.
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Figure 2. Profiles of local frequency responses of quadratic regularization at image center.

where A is isotropic voxel size and 01, 02 are the overlapped length between the mapped boundaries of voxel j and detector
k onto r,-axis and z-axis, respectively.

Therefore, for the DD projector, instead of (56), A(v,,, vy; ¢, 0) is given by

A A
A(vy,v; 0,60) = A2ZA, sinc (min (7S,AX max(|cos ¢| , |sin ) yu> sinc (min <7t,A ) 1/v> .
( ¢,0) = AJA, o) (Icos @], |sin ) o8 -

e Quadratically Penalized Unweighted Likelihood (QPUL) case:

We first investigated the unweighted case where 77 is at image center. Fig. 1 and Fig. 2 show the v;-axis and vs-
axis profiles of local frequency responses Hy(o, ®,0) and Ry(o, ®,0). The normalized root-mean-squared (NRMS)
difference between the standard deviations predicted by DFT method (2) and AVP methods (5) with (55) and (57) is
less than 1%.
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