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Example \Table"
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Table of σ2(η) for Simulated PET System
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Simulation

� 2000 realizations

� PET digital emission phantom / nonuniform attenuation

�Modi�ed quadratic penalty

� 10 iterations of PML-SAGE-3

� Nonnegativity enforced
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Standard Deviation Maps
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Center Horizontal Pro�le
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Center Vertical Pro�le
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Mismatch in cold spot where nonnegativity constraint is very active.
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Histograms
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Autocorrelation Functions
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Autocorrelation Function: Radial Average
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